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Abstract:

This study examines how artificial intelligence is reshaping the leadership function
within organizations—not merely as a decision-support tool, but as an element that
redistributes authority, responsibility, and coordination mechanisms between humans and
algorithmic systems.

The study draws upon an integrative, analytical review of recent literature across the fields
of management, organizational behavior, decision-making, algorithmic management, and
governance. It aims to construct a framework explaining the transition from the traditional
leader to the "intelligent coordinator"—a role that involves designing the hybrid decision
environment rather than monopolizing the decision-making process itself.

Research indicates that the effectiveness of hybrid leadership depends on the precise
distribution of decision rights, the retention of ultimate human authority for high-impact
decisions, the provision of interpretable explanations, and the implementation of continuous
oversight and challenge mechanisms. It also highlights the need to guard against bias, the
diffusion of responsibility, and over-reliance on algorithmic recommendations. The study
proposes a conceptual model for the intelligent coordinator based on five interconnected
functions: system engineering, defining delegation boundaries, feedback management,
facilitating adaptation, and ethical governance.
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1. Introduction:
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Artificial intelligence (Al) within organizations has evolved beyond a mere analytical tool;
it now plays a role in forecasting, evaluation, and decision-making (Hogberg, Larsson, &
Lang, 2024; Rajagopal and al., 2026). This shifts the focus from the mere adoption of
technology to the question of how authority and responsibility are redistributed when
algorithms become integral to the organizational leadership structure.

In this context, viewing leadership simply as the concentration of power in a single
individual is insufficient. Recent studies indicate that leadership emerges from the
interaction between actors, contexts, and tools, and that algorithmic systems can influence
initiative, review processes, and the distribution of responsibility through their interface
design and usage structures.

The study addresses a gap in the literature, which remains divided between viewing Al as a
decision-support tool and examining it as a mechanism for algorithmic control and
management. There is a need for an integrative framework that explains how this interplay
redefines the very function of leadership.

Research Problem:

This study is grounded in the central premise that integrating Al into leadership does not
merely result in replacing humans with machines; rather, it leads to a restructuring of
decision-making, oversight, and accountability dynamics between leaders and algorithmic
systems. From this perspective, the contemporary leader is not merely a final decision-
maker but an intelligent coordinator who defines the boundaries of delegation, designs

pathways for intervention, and repositions human expertise within hybrid decision-making
systems (Beckers & Teubner, 2023; Frimpong, 2025).

Based on the foregoing, the study’s problem can be articulated through the following
question:

How does human-algorithmic agency reshape contemporary leadership models, and
what impact does this have on leadership roles, decision rights, coordination
mechanisms, and accountability within organizations?

Sub-questions:

The primary question gives rise to a set of sub-questions:

1. What is meant by human-algorithmic agency, and how does it differ from human-
algorithmic collaboration and algorithmic management?

2. How do intelligent systems redistribute decision rights between humans and
machines?

3. What distinguishes the traditional leader, the Al-supported decision-maker, and the
intelligent coordinator?



Study Objectives:

The study aims to analyze the transformation in contemporary leadership models resulting
from the interplay between human agency and algorithmic agency. It also seeks to propose
a conceptual model for the role of the "intelligent coordinator"—an individual who manages
the relationship between human judgment and algorithmic capabilities within a framework
of efficiency, fairness, and accountability.

Significance of the Study:

The significance of this study can be outlined by distinguishing between its theoretical and
practical importance:

- Theoretical Significance:

This study attempts to bridge the literature on distributed leadership with the concepts of
hybrid intelligence, human-AlI collaboration, and algorithmic management. Furthermore, it
proposes the concept of the "intelligent coordinator" as a framework for understanding the
shift from leadership focused on decision-making to leadership focused on designing the
decision-making environment.

- Practical Significance:

The study’s findings can assist leaders and organizations in defining the boundaries for
delegating decisions to intelligent systems, establishing mechanisms for review, objection,
and auditing, and building workforce capabilities to utilize algorithmic systems in an
informed and balanced manner.

Research Gap:

Despite the existence of numerous studies addressing human-Al collaboration, algorithmic
management, and hybrid leadership, the researcher observes that these studies remain
divided into two relatively distinct tracks: one focusing on Al as a tool for supporting
executive decision-making, and another examining it as a means of control and work
coordination. The researcher also identifies a pressing need for an integrative framework
that elucidates how Al reshapes the leadership function itself, and how leaders transition
from managing direct decisions to designing the coordination structure between human and
algorithmic actors—while defining the conditions for effectiveness, legitimacy, and
accountability.

Study Methodology:

- Type of Study:



The study employed an integrative, analytical literature review combined with an attempt to
construct a conceptual model. The aim was to synthesize available theoretical and empirical
findings regarding hybrid leadership, human-AlI collaboration, algorithmic management, as
well as governance and accountability.

It should be noted that this study does not aim to conduct a statistical analysis; rather, it
seeks to build a conceptual framework that elucidates the relationships between concepts,
mechanisms, and organizational outcomes.

- Scope of Studies:

The review primarily encompassed studies published between 2018 and 2026 across the
fields of management, organizational behavior, leadership, decision systems, human
resources, and healthcare. This was achieved by utilizing major global academic databases:
Scopus, Web of Science, IEEE Xplore, ScienceDirect, and Google Scholar.

The selected studies were those that:

° Explicitly addressed the relationship between artificial intelligence and managerial
or leadership work;

° Investigated human-Al collaboration or algorithmic management;

° Discussed the distribution of authority, decision rights, or responsibility;

° Addressed trust, explainability, fairness, or governance within intelligent systems;
° Were published in peer-reviewed scientific journals or reliable academic sources.

Studies were excluded if they:

° Addressed artificial intelligence from a purely technical perspective, unrelated to
organization or leadership;

° Failed to provide a clear theoretical or empirical contribution;
° Were journalistic articles or non-peer-reviewed materials.
- Analysis Approach:

The studies were organized around four analytical themes:

- Distribution of authority and decision-making rights.

- Accountability, trust, and explainability.

- Performance, coordination, and organizational adaptability.

- Ethics, governance, and sectoral applications.



Based on a comparison of these themes, a conceptual model regarding the role of the "smart
coordinator" was formulated.

- Study Limitations:

The study's limitations stem from the nature of the available evidence; a significant portion
of the research remains conceptual or relies on case studies and limited scenarios.
Consequently, the study does not claim to establish a general causal impact of hybrid
leadership; rather, it attempts to offer an explanatory framework that requires field-based
and comparative testing.

2. Theoretical and Conceptual Framework:
a- From Individual Leadership to Distributed Leadership:

Literature on distributed leadership points to a significant shift: moving from viewing
leadership as a trait tied to a central individual to conceptualizing it as a practice or process
shaped by the interaction of multiple actors, diverse organizational roles, and interconnected
contexts and tools (Bolden, 2011; Spillane, Halverson, & Diamond, 2001). This perspective
does not negate formal leadership roles or equate all actors in terms of authority; rather, it
emphasizes that leadership activity emerges from relationships of interaction and
coordination among individuals, the organizational context, and various sources of
influence.

Studies in the context of artificial intelligence demonstrate that algorithmic systems do not
always function as neutral tools detached from the decision-making process; instead, they
can influence the extent of human involvement in decisions and affect the distribution of
roles regarding initiative, review, and accountability—particularly through the user-system
interface (Bader & Kaiser, 2019). Furthermore, Shrestha, Ben-Menahem, and von Krogh
(2019) highlight the potential to integrate human and algorithmic decisions through various
organizational arrangements, ranging from full delegation to the machine and sequential
hybrid decision-making to the combination of human and algorithmic judgment within a
shared decision structure. Consequently, algorithms can be understood as influential
elements within the structure of organizational decision-making and action, without
implying equivalence to human actors or the attribution of moral responsibility to them.

b- Hybrid Intelligence, Not Alternative Intelligence:

Research on hybrid intelligence indicates that perceived value arises not necessarily from
replacing humans, but from the integration of human and machine capabilities. Algorithms
expand human capacity for data processing, pattern discovery, and predictive support, while
humans contribute contextual, intuitive, and ethical judgment—particularly in strategic

decisions and situations characterized by ambiguity and uncertainty (Jarrahi, 2018; Raisch
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& Krakowski, 2021; Wei et al., 2025). Wei et al. (2025) note that artificial intelligence
augments human capabilities, yet human oversight and judgment remain essential for
addressing complexities and ethical considerations. Furthermore, Sposato (2026) proposes
a leadership framework for hybrid intelligence systems, wherein leadership is grounded in
hybrid collaboration between human and artificial agents.

C- The distinction between the leader, the augmented decision-maker, and the
intelligent coordinator:

Studies reveal an analytical progression in leadership and decision-making patterns within
the era of artificial intelligence. The first pattern is traditional leadership, where decision-
making authority and responsibility rest primarily with the human leader. The second pattern
is algorithm-augmented decision-making, which utilizes intelligent systems to enhance
judgment and analysis while maintaining human responsibility and the underlying
organizational structure. The third pattern is hybrid coordinative leadership, involving a
reorganization of the relationship between humans and intelligent systems through the
distribution of decision-making roles, the definition of delegation boundaries, and the
establishment of oversight and feedback mechanisms (Bader & Kaiser, 2019; Shrestha, Ben-
Menahem, & von Krogh, 2019; Sposato, 2026; Zarate-Torres, and al., 2025).

The work of Hillebrand et al. (2025) provides a suitable integrative framework for analyzing
these shifts by linking human-Al collaboration with algorithmic management.

d. The Conceptual Basis of Human-Algorithmic Agency:

Despite the prevalence of concepts such as human-Al collaboration, algorithmic
management, and hybrid leadership in academic literature, the term "human-algorithmic
agency" does not appear as a settled, foundational concept in any single source; rather, it is

understood through a synthesis of various theoretical contributions (e.g., Beckers &
Teubner, 2023; Hillebrand, Raisch, & Schad, 2025; Kellogg, Valentine, & Christin, 2020).

For the purposes of this study, human-algorithmic agency is defined as: "The shared capacity
of an algorithmic system and a human actor to generate impactful organizational outcomes
through the distribution of roles regarding initiative, processing, and decision influence,
while ultimate ethical and legal responsibility remains vested in the human element."

This concept is distinguished from related concepts as follows:

- Compared to human-machine collaboration: Human-algorithmic collaboration often
focuses on supporting executive decision-making and enhancing performance, whereas
human-algorithmic agency focuses on the redistribution of authority, responsibility, and the
boundaries of delegation within the organizational leadership structure.

- Compared to algorithmic management: While algorithmic management entails the
use of algorithms to regulate, coordinate, and evaluate human work, human-algorithmic
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agency also encompasses scenarios where humans exercise active oversight of algorithms,
define the limits of their intervention, and retain the authority to veto or override them.

- In comparison to hybrid leadership: Hybrid leadership refers to a leadership style
combining human and technical elements, whereas "human-algorithmic agency" represents
the finer-grained analytical level explaining how roles regarding initiative and decision
influence are distributed between human and algorithmic actors within this leadership style.

Accordingly, the concept of human-algorithmic agency employed in this study is a
conceptual framework proposed by the researcher based on a synthesis of the literature,
rather than an established term adopted verbatim from a single source.

In light of this definition—and based on a synthesis of existing studies—this study proposes
viewing human-algorithmic collaboration and algorithmic management as two facets of the
same phenomenon, collectively termed "human-algorithmic agency" for analytical
purposes. Hillebrand et al. (2025) propose an integrative framework linking the literature on
human-AlI collaboration with that of algorithmic management, while Beckers and Teubner
(2023) focus on the accountability of hybrid actors as digital quasi-organizers.

In this context, artificial intelligence is understood as an element that reorganizes
information, proposes alternatives, and influences users' choice-related behavior. Drawing
on a synthesis of existing research—and inspired by the work of Sposato (2026) and other
relevant studies—this study proposes a leadership framework for the "intelligent
coordinator" comprising five functions: system architecture, boundary setting, feedback
management, adaptation facilitation, and ethical governance.

This approach is significant because it shifts the focus from the question of *who* makes
the decision to *how™ the decision-making environment is designed.

Relevant literature suggests that the leader's role in algorithmically augmented environments
expands to encompass the design of decision architecture and the calibration of delegation
boundaries, moving beyond the mere issuance of unilateral decisions (Sposato, 2026; Wang,
2026). Simultaneously, other studies emphasize that this distribution of roles does not negate
the centrality of the human element in ethical judgment, fairness, and empathy—factors that
serve as essential counterweights to the risks of bias, depersonalization, and abstraction
(Decety, 2023; Hondrich & Ruschemeier, 2023; Kertechian, Elidrissi, & el-Farr, 2026;
Kierner, Kucharski, & Kierner, 2023). Consequently, hybrid leadership represents not
merely a technological adoption but a normative redefinition of the leadership function itself
(Beckers & Teubner, 2023).

3. Analytical Dimensions:

A - Redistribution of Authority and Decision Rights:



A body of research indicates that the effective integration of artificial intelligence does not
rely on granting algorithms absolute autonomy; rather, it depends on a precise distribution
of decision rights based on task sensitivity, interpretability, the cost of error, and the
feasibility of human oversight (Bader & Kaiser, 2019; Shrestha, Ben-Menahem, & von
Krogh, 2019; Wei and al., 2025). Several organizational models emerge here: extensive
delegation to the machine, human-machine or machine-human sequences, or the
combination of human and algorithmic decisions within a shared structure (Bader & Kaiser,
2019; Shrestha, Ben-Menahem, & von Krogh, 2019). However, (Frimpong (2025) notes that
comparative studies on high-stakes applications highlight principles such as intentionality,
interpretability, moral authorship, and fairness as foundations for delegating decisions while
retaining the human as the ultimate responsible actor. Consequently, this implies that hybrid
leadership is not merely a technical neutrality but a political and ethical arrangement of
authority within the organization (Beckers & Teubner, 2023).

This conclusion is further reinforced by literature on general artificial intelligence and
algorithmic governance; Studies across various contexts—such as speculative public design,
public interest governance, migration, and concepts of contestability—highlight the
importance of ensuring that intelligent systems allow for their outputs to be contested
throughout their lifecycle. They emphasize that these systems should be built upon a dialogic
relationship between those affected by them and their operators, rather than relying on
closed, automated determinations (Alfrink, Keller, Doorn, & Kortuem, 2023; Alfrink, and
al., 2024; Cohen & Suzor, 2024; Eneva & Mora-Gamez, 2025; Lyons, Velloso, & Miller,
2021; Yurrita, and al., 2025).

Furthermore, the legitimacy of intelligent systems is undermined when they are opaque or
when genuine human oversight is replaced by merely superficial transparency (Florez Rojas,
2025; Waldman & Martin, 2022).

In the realm of healthcare, reviews by Kierner et al. (2023) indicate that the final decision
must remain with the human actor—even when advanced support systems are employed—
because professional responsibility cannot simply be transferred to an intelligent system.

Effective integration of artificial intelligence does not entail granting the system absolute
autonomy; rather, it relies on distributing decision-making rights based on the specific
characteristics of the task, the system, and the context. The following table outlines these
characteristics:

Figure 1: Factors for effective integration of artificial intelligence.
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Certain frameworks have identified a set of factors that help determine the appropriate
structure for human-Al collaboration, such as decision speed, result repeatability, and the
interpretability of the process and outputs (Shrestha and al., 2019).

B- Accountability and Preventing the Diffusion of Responsibility:

The nature and ambiguity of responsibility constitute one of the key challenges of algorithm-
driven leadership. This is best encapsulated by a critical question: Who bears responsibility
for an error—the designer, the supplier, the leader, or the end-user? (Cobbe, Veale, & Singh,
2023; Di Mauro, and al., 2025). Studies indicate that the risk of responsibility diffusion
increases as the gap widens between those who design the system, those who implement it,
and those affected by its outcomes. In a general context, research suggests that the use of
algorithms does not automatically absolve decision-makers or public institutions of
accountability in the eyes of citizens (Alon-Barkat, Busuioc, Schwoerer, & Weillmiiller,
2025; Ozer, Waggoner, & Kennedy, 2024).

In the medical context, there remains a need to clearly define professional and institutional
accountability when utilizing artificial intelligence in healthcare; responsibility should not
be assumed to automatically shift to the system itself. This necessitates robust prior
documentation regarding the data, limitations, and permitted uses of such systems (Angu
Bala Ganesh, Mishra, Jayanthiladevi, & Verma, 2025; Longo, and al., 2024). Consequently,
the role of the modern leader expands to encompass "accountability engineering"—that is,
defining who makes decisions, who conducts reviews, who provides justifications, and who
holds the authority to override or object to system outputs (Al Fraidan, 2025; Ferjani,
Alzahrani, & Bouzir, 2025; Sposato, 2026).

C- Trust, Transparency, and Explainability:



Numerous studies indicate that trust in intelligent leadership systems is linked to concepts
such as perceived accuracy, integrity, fairness, and explainability—connections that go
beyond the mere disclosure of general information about the system (Atf & Lewis, 2026;
Hoeddinghaus, Sondern, & Hertel, 2021; Martens, De Wolf, & De Marez, 2024). Regarding
studies addressing trust within an organizational context, Hoeddinghaus et al. (2021) found
that factors influencing trust in an automated leadership agent are associated with positive
organizational outcomes, such as perceived fairness and organizational support.

Research clearly distinguishes between transparency and explainability: the former may
simply entail making information available regarding the system's existence or general
logic, whereas the latter refers to the user's ability to understand the decision-making
mechanism sufficiently to allow for critical evaluation (Grimmelikhuijsen, 2022).
Consequently, Chaudhary (2024) notes that transparency alone is insufficient unless
supported by auditability and human oversight.

Evidence concerning human resource management in organizations indicates that the
quality of communication regarding an intelligent system enhances perceptions of
procedural and interactional fairness—thereby boosting trust and strengthening the
employee-organization relationship—yet it cannot compensate for inherent bias within the
system itself (Nagtegaal, 2020; Zervas & Anagnostou, 2026). In the healthcare sector, trust
is fundamentally linked to accuracy and reliability; however, partial explanations are not
always sufficient to prevent erroneous compliance with an intelligent system's
recommendations (Martens, De Wolf, & De Marez, 2024). It is worth noting in this context
that mere formal transparency is inadequate; a useful explanation must be:

User-appropriate;

Linked to the specific decision;

Understandable;

Reviewable;

Available in a timely manner;

Accompanied by the possibility of challenging it.

D- Organizational impacts on performance, coordination, and human resources:

Studies indicate that artificial intelligence can enhance forecasting, automation, innovation,
and operational efficiency; it may also structure decision-making in a way that increases
consistency and speed in certain contexts (Rojas Guillen & Quispe Bautista, 2025; Sposato,
2026). Some empirical studies suggest that users may place greater trust in Al
recommendations than in human ones in certain contexts—results attributed to a better
perception of the overall process structure. Nevertheless, available evidence does not
provide sufficient, direct empirical support for a general claim that algorithmic support
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consistently improves the speed of command coordination or a leader's ability to override
system recommendations compared to traditional leadership (Adensamer, Gsenger, &
Klausner, 2021; Jarrahi and al., 2021). Conversely, studies in the healthcare sector reveal a
significant paradox: while collaboration between a physician and artificial intelligence can
outperform a physician working alone, accuracy may decline if a physician discards a
correct diagnosis in favor of an incorrect system recommendation—a result of low self-
confidence or excessive compliance (Cabitza & Papale, 2026; Dratsch et al., 2023;
Nagendran and al., 2023). High performance levels are linked to the quality of cognitive
calibration rather than merely the introduction of technology into human resources;
applications in this field focus on recruitment, screening, performance evaluation, talent
retention, and monitoring (Bouzerda et al., 2025; Cavescu & Popescu, 2025; Murale and al.,
2024). Research establishes a link between transparency and ethical governance on the one
hand, and acceptance, trust, and perceived fairness on the other (Bouzerda et al., 2025;
Oralbayev et al., 2025; Ubeda-Garcia and al., 2025). Furthermore, Prasad and De (2024)
indicate that trust acts as a partial mediator between user perception and organizational
commitment, thereby influencing employee engagement and performance.

e- Ethical, Legal, and Governance Dimensions:

Reviews in the mental health field identify four recurring types of risks: privacy, bias,
surveillance, and discrimination (Gooding & Kariotis, 2021). These risks are particularly
associated with sensitive data, digital identity, and the use of models with poor
interpretability in decisions affecting employment opportunities, care, or civil rights, as well
as in virtual environments such as the metaverse and Al-powered avatars (Almomani and
al., 2025; Boccuzzi, Manganello, & Nico, 2025; Gooding & Kariotis, 2021).

Studies also indicate that algorithmic systems can exacerbate existing inequalities or
produce discriminatory effects against marginalized groups, particularly regarding "black-
box" models and issues of poor interpretability (Lendvai & Gosztonyi, 2025). Consequently,
the field has shifted from general ethical discourse to a multi-instrument operational
governance framework encompassing "ethics-by-design," fairness-aware algorithms,
mandatory transparency, continuous auditing, stakeholder engagement, and multi-
stakeholder governance (Ferjani, Alzahrani, & Bouzir, 2025; Ricciardi Celsi & Zomaya,
2025). Furthermore, some studies have proposed additional operational tools—such as
model cards, data sheets, and regulatory sandboxes—to enhance documentation and
continuous review (Ferjani, Alzahrani, & Bouzir, 2025). Beckers and Teubner (2023) argue
that responsible hybrid leadership is measured not merely by model accuracy, but by the
maturity of the governance structure framing its use.

4. Sectoral Applications:
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a. In Business:

According to some studies, artificial intelligence in business environments is linked to
improved efficiency, candidate screening, interview analysis, performance evaluation, the
prediction of employee turnover, and the automation of administrative tasks (Cavescu &
Popescu, 2025; Murale and al., 2024; Oralbayev and al., 2025). However, the success of
these applications depends on trust, transparency, and the perception of fairness; otherwise,
they may become a source of resistance or foster feelings of surveillance and
depersonalization (Ubeda-Garcia, Marco-Lajara, Zaragoza-Saez, & Poveda-Pareja, 2025;
Zervas & Anagnostou, 2026).

b. In the Public Sector:

In the public sector, algorithmic leadership becomes a matter of institutional legitimacy
rather than merely efficiency. Literature suggests that mechanisms such as human oversight
and review, impact assessments, and understandable explanations can enhance trust and
procedural accountability within the public sector (Al Fraidan, 2025; Alfrink, Keller, Doorn,
& Kortuem, 2023; Alon-Barkat, Busuioc, Schwoerer, & Weilmiiller, 2025).

c. In Healthcare:

The potential benefit in the healthcare sector is evident in the support or enhancement of
specific diagnostic decisions. Conversely, however, there is a risk of eroding physicians'
professional judgment and fostering over-reliance on intelligent systems. There is a clear
need to define professional and institutional accountability when utilizing artificial
intelligence in healthcare, and... ... assuming the automatic transfer of responsibility to the
system (Kierner and al., 2023). Consequently, this sector strongly exemplifies the "human-
in-the-loop" principle, as human oversight remains essential even when utilizing advanced
support systems (Angu Bala Ganesh and al., 2025).

5.The Intelligent Coordinator Model:

Based on prior studies and available evidence, this study proposes an explanatory model
positing that successful hybrid leadership rests on five interconnected functions, drawing
upon the work of Sposato (2026) and relevant literature on hybrid leadership and algorithmic
governance:

0 System Architecture: Designing points of Al intervention and the boundaries of its use
(Sposato, 2026)

0 Boundary Regulation: Defining what is delegated to the machine versus what remains
exclusively within the realm of human judgment (Frimpong, 2025; Wei and al., 2025)

0 Feedback Management: Establishing channels for review, objection, and continuous
learning (Al Fraidan, 2025; Alfrink, Keller, Doorn, & Kortuem, 2023)
12



o Facilitating Adaptation: Cultivating algorithmic literacy and calibrated trust among the
workforce (Diaz and al., 2025)

0 Ethics Governance: Linking efficiency with fairness, privacy, and accountability
(Beckers & Teubner, 2023)

This model asserts that the contemporary leader does not disappear entirely; rather, they
transition from a singular locus of authority into an "intelligent coordinator" managing a
network of human and algorithmic agents (Hillebrand, Raisch, & Schad, 2025; Kellogg,
Valentine, & Christin, 2020). However, this transformation does not occur automatically
upon the introduction of an intelligent system into the organization; it requires a redesign of
processes, authority structures, responsibilities, and evaluation mechanisms. The following
figure presents a visual representation of the various functions of the smart coordinator
model.

Figure 2: Hybrid Leadership Model
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Source: Elaborated by the author based on the reviewed hybrid leadership literature (Sposato, 2026;
Hillebrand et al., 2025; Beckers & Teubner, 2023)

Table 2 outlines the executive and structural functions of the "Intelligent Orchestrator"
model, linking each function to a critical guiding question while specifying the
organizational mechanism for its implementation and the expected institutional output.

Table 2: Functions of the Intelligent Orchestrator

Leadership Organizational

Question Mechanism Expected Outcome

Function
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*The following table presents a comparative analytical framework for the evolution of

organizational leadership models across three successive stages: the "Traditional Leader,"

the "Algorithm-Augmented Decision Maker," and the "Intelligent Orchestrator." This

comparison is grounded in four key dimensions: core leadership functions, the nature of

decision-making authority distribution, the level of Al technology adoption, and the

organizational outcomes and implications associated with each stage. This analysis

illustrates how organizations transition from centralized hierarchical models—relying

entirely on human judgment—to hybrid work environments where authority is dynamically
distributed to balance algorithmic efficiency with ethical legitimacy.

Table 3: Evolution of Leadershi

p Models Across the Three Stages

Comparison | Stage 1: Stage 2: Algorithm- | Stage 3:
Dimension | Traditional Augmented Decision | Intelligent Orchestrator
Leader Maker
Core . Centralized | «  Utilizing  predictive | * Engineering human-machine
Leadership | planning and | analytics to  enhance | interaction architecture.
Functions direction. estimation accuracy. * Regulating delegation boundaries
. Traditional | « Automating routine tasks. | and feedback channels.
analysis relying on | «  Improving  decision | « Facilitating adaptation, ethics
human experience. | efficiency without | governance, and accountability.
« Direct and | structural redesign.
hierarchical
oversight.
Decision Absolute Human | Human-in-the-Loop Dynamically Distributed Rights
Authority (1009%0) (HitL) Decision rights and boundaries are
Full concentration | Human holds final decision | distributed between humans and Al
of authority at the | authority but is influenced | based on risk levels.
top hierarchy | by algorithmic
without technical | recommendations.
intervention in
judgment.
Al Adoption | Very Low to None | Moderate & Incremental | High & Fully Integrated (60% —
Level (0% — 15%) (20% — 50%0) 100%0)
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Source: Compiled by the author based on the reviewed literature (Bader & Kaiser, 2019;
Hillebrand et al., 2025; Shrestha et al., 2019; Sposato, 2026; Zarate-Torres et al., 2025).

Note: The percentages presented in the table represent a proposed, illustrative classification

by the researcher, rather than the results of empirical measurement.

Figure 3 illustrates the evolutionary spectrum of leadership models in the age of artificial

intelligence, tracing the shifts in decision-making authority, core functions, adoption levels,
and organizational outcomes across three key stages:

Figure 3: Evolution of Leadership Models Across the Three Stages
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5. Conclusion:

Studies reveal that artificial intelligence does not merely add a new tool to the leadership
toolkit but fundamentally alters the architecture of leadership itself (Hillebrand, Raisch, &
Schad, 2025; Sposato, 2026). The core transformation lies in shifting from a leader who
monopolizes decision-making to an intelligent coordinator who designs the interaction
between human judgment and algorithmic logic (Shrestha, Ben-Menahem, & von Krogh,
2019; Zarate-Torres, and al., 2025).

Furthermore, research indicates that legitimacy and effectiveness hinge on three conditions:
retaining the ultimate human point of reference; moving beyond superficial transparency
toward intelligible explainability; and establishing operational governance that encompasses
documentation, auditing, mechanisms for objection, and continuous review (Ferjani,
Alzahrani, & Bouzir, 2025; Grimmelikhuijsen, 2022; Zarate-Torres, and al., 2025).

Consequently, the critical scholarly question is no longer whether algorithms will lead in the
future, but rather how humans will lead by designing environments where algorithms drive
action without escaping accountability (Beckers & Teubner, 2023; Wang, 2026).

Practical and Research Recommendations:
Practical Recommendations:

- Retain final human oversight for high-impact decisions, including clear override
authority—particularly in high-risk areas such as recruitment, credit, and financial
compliance. This aligns with principles of human oversight found in Al governance
literature (Grimmelikhuijsen, 2022; Ferjani, Alzahrani, & Bouzir, 2025).

- Shift from superficial transparency to explanations that are both understandable and
auditable. Interpretability has a greater impact on trust and legitimacy than merely making
technical information available—a finding supported by Gremmelikhuijsen’s (2022) study
on automated decision-making in public administration.

- Establish continuous objection, auditing, and documentation pathways (audit trails)
that record who reviewed a decision, when the review occurred, and the rationale for
acceptance or rejection. This aligns with literature on co-governance and legal
accountability in Al systems (Ferjani, Alzahrani, & Bouzir, 2025), particularly within the
context of Al-supported assessment, as demonstrated in Al Fraidan’s (2025) study on
language assessment in Saudi universities. - Training leaders and analysts in high-stakes
contexts to understand the dynamics of trust in algorithmic recommendations, utilize
explainability mechanisms (XAI) to reduce decision fatigue, and exercise meaningful
human oversight, in alignment with the conceptual framework of Dynamic Trust
Modulation (Diaz and al., 2025).
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Research Recommendations:

- Expand conceptual and empirical studies on the impact of algorithmic systems on the
distribution of responsibility and on leadership and organizational coordination. The
researcher identifies a need for further research linking the design of algorithmic decision-
support systems (ADS) to patterns of responsibility and coordination within organizations,
particularly in high-stakes contexts (such as policing, justice, and financial compliance).
Studies on organizational accountability in the context of "Computer Says No" scenarios
reveal clear research gaps in this area, while literature on algorithmic management
highlights shifts in leadership and coordination roles driven by these systems (Adensamer,
Gsenger, & Klausner, 2021; Jarrahi and al., 2021).

- Examine the conditions under which explanations improve actual judgment rather
than merely increasing perfunctory compliance.

Despite significant effort in developing Explainable Al (XAI) techniques, evidence remains
conflicting regarding when explanations improve system understanding and judgment
quality, versus when they merely increase acceptance of or compliance with algorithmic
recommendations. Studies on human-Al collaboration indicate that the type of explanation,
the decision context, and user characteristics are critical factors in this outcome; this
underscores the urgent need for systematic empirical research to define the conditions for
effective explanation (Grimmelikhuijsen, 2022; Longo and al., 2024; Nagendran, Festor,
Komorowski, Gordon, & Faisal, 2023). Developing a comparative theory of hybrid
leadership across high- and low-risk sectors:

With the increasing emergence of Al systems that perform leadership functions—such as
motivating, supporting, and guiding—there is a pressing need for theoretical frameworks
that compare hybrid leadership across diverse sectors (e.g., healthcare, finance, education,
and algorithmically organized work) and varying risk levels (ranging from critical, high-
stakes decisions to routine ones). This research gap represents a logical extension of the
literature on algorithmic management and leadership within hybrid intelligence systems,
which emphasizes the need for a deeper understanding of the dynamics of authority,
accountability, and performance (Jarrahi and al., 2021; Sposato, 2026).
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